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Deaths from Medical Errors
• Medical errors - Third leading cause of death in the United States

1) Heart Disease (611,000 deaths)

2) Cancer (584,000 deaths)

3) Medical Errors (251,000 deaths)

• 251,000 deaths / 35 million hospitalizations = 0.7% death rate



Racial Disparities
• “Race and Surgical Mortality in the United States,” Annals of Surgery, 2006. 

• Finding: Black patients were 50% more likely to die after surgery than White patients

• What benchmark was used to calculate the disparities?
• Number of operations for Black and White patients

• What other factors were examined that may influence death rates?
• Type of operation

• Patient characteristics

• Hospital characteristics

• Conclusion: “Black patients have higher operative mortality risks across a wide range 
of surgical procedures, in large part because of higher mortality rates at the hospitals 
they attend.”



Correlation vs. Causation
• A correlation between two variables means there is some type of relationship. The 

variables may move in the same direction or opposite direction (negative 
correlation).

• Example: Correlation between education level and salary

• Causation is when a change on one variable causes the other variable to change.

• Example: Sunlight causes temperatures to rise.

• A correlation between two variables does not mean that one variable is causing the 
other variable to change.

• Correlation between hospitals in predominantly Black neighborhoods and higher 
mortality rates after surgery. Without studying each hospital and collecting 
qualitative data on surgeries, unable to determine the cause of this observation.



Deaths from Police Uses of Force

• 251,000 deaths / 35 million hospitalizations = 0.7% death rate in medicine

• 1,200 deaths / 10 million arrests = 0.01% death rate in policing

• 70 times more likely to die due to a medical error during a hospitalization 
than due to a police use of force during an arrest. 



Deaths from Police Uses of Force
MappingPoliceViolence.org

Race Deaths 
2021

Annual 
Rate

Pacific 
Islander 8 8.7

Black 266 6.1

Native 
American 14 3.7

Hispanic 187 2.9

White 479 2.1

Asian 8 0.7



1) Eliminate racial and identity profiling

2) Improve diversity and racial and identity 
sensitivity in law enforcement

California Racial and Identity Profiling Act (RIPA)

Goals & Objectives





Does your agency condone 
or allow racial profiling or 

biased policing?

Do your officers engage 
in racial profiling or 

biased policing?

Do you have any data to 
support your answer?

Questions for California Police Chiefs



1) Officers are always truthful
2) Officers accurately perceive race and gender identity. 
3) All demographic groups (sex, age, race) drive the same 

amount, violate laws at the same rates and are equally 
likely of coming into contact with police.

4) Agencies enforce laws in the same way regardless of 
location or type of agency.

5) Police officer have time to racially profile.
6) Only cause of racial disparities is racial bias by officers.

Racial Disparity Data Assumptions



1. RIPA data compared to population benchmarks
• Overrepresentation in stops is evidence of officer bias.

• Lack of disparity or underrepresentation does not 
mean anything.

2. Any rate higher than the rate for White subjects 
is evidence of racial bias.

RIPA Data Analysis Methodology



•Why are Asians typically underrepresented in stops, 
arrests, searches and uses of force?

•Why are Hispanics sometimes overrepresented and 
sometimes underrepresented in policing data?

•How do stop practices and calls for service vary from 
agency to agency and by type of agency?

•What impact does subject behavior have on racial 
disparities?

Questions About RIPA Data















Traffic Stops – Veil of Darkness Test

• If racial profiling is occurring, Black drivers would be more 
likely to be pulled over during the day when officers are 
better able to identify their race when making the stop 
than at night.

• Assumptions
• Officers can always see drivers’ race during the day and can 

never see it at night
• Driving behavior of all races of drivers is the same during the 

day and at night



PPI Veil of Darkness Test Failed to Show Needed Disparities



Public Policy Institute of California
Daylight Savings Time Analysis – 2 Weeks



Pleasanton PD - Race Perceived Prior to the Stop





Assemblyman
• Heavy opposition to RIPA from law enforcement

• Unneeded
• Too burdensome on officers
• There is no racial profiling

• We knew there was a difference between who gets pulled 
over and the population

• Now it is crystal clear – No debate – More than expected
• Double the predicted amount that you should have
• Unnecessary force used after trivial stops
• Low level offenses – send notices
• Racial bias in stops is real



ACLU
• 0.002% of stops found contraband or firearms
• Search hit rates lower for Black individuals
• Pretext stops are racist and woefully inefficient
• Pretext stops harm public safety and erode public trust
• Armed officers saturate neighborhoods like an occupying force
• Police stop people based on justifications that everyone knows are 

dishonest
• Risk of police violence in every traffic stop
• Hundreds of thousands of stops serving no law enforcement purpose 

where people are pulled out of their cars and handcuffed, thrown in 
the back of squad cars, forced to sit down or lie on the sidewalk

• Police are a threat to the well being of our communities





Harvard Economics Professor Roland Fryer
New York City PD – Stop and Frisk Data



Harvard Economics Professor Roland Fryer
Houston PD – Officer Involved Shootings



Harvard Economics Professor Roland Fryer



Demographic Disparity Report for Duluth PD



Demographic Disparity Report for Duluth PD

• Reports for Duluth PD & Richfield PD are similar – Used exactly the 
same methodology

• Methodology is based on peer-reviewed academic research
• Risk Adjusted Disparities

• Cambridge Centre for Evidence-Based Policing
• Professor Larry Sherman – Webinar Online
• Used worldwide by qualified & experienced researchers

• LEAN did not attend presentation
• LEAN refused to meet with Police Strategies LLC to discuss
• LEAN refused to debate in public



Goals and Objectives for Richfield PD Report

• Analyze different types of data from Richfield PD over multiple years
• Provide an explanation of the methodology used and explain in more 

detail during public meetings
• Make recommendations for improving and enhancing data collection 

and analysis
• Present actionable information that can be used to make data-driven 

decisions and develop evidence-based best practices
• Educate and inform elected officials and the community about 

policing practices by Richfield PD
• Clarify report when needed



Data Science
Data science deals with 
vast volumes of data using 
modern tools and 
techniques to find unseen 
patterns, derive 
meaningful information, 
and make business 
decisions. 



Data Science
Analyze data for 

actionable insights



Correlation ≠ Causation

Racial Disparity ≠ Racial Bias



When officers make an arrest, the decision to use force and the 
level of force used is not affected by the race of the subject

San Jose PD – Use of Force
Racial Disparities



Selective Enforcement
• Government officials (police officers, prosecutors, or regulators) 

exercise enforcement discretion, which is the power to choose 
whether or how to punish a person who has violated the law.

• Examples:

Marijuana <40g is Lowest Priority for Law Enforcement

Plea Bargaining Felony Drug Cases to Misdemeanors

DUI Emphasis Patrols

Gang Task Force

Refusal to Enforce Gun Laws Sheriff Disagrees With

Racial Profiling



• In Seattle, Black household median net worth is $23,000, 
which is only 5% of white household median net worth 
($456,000).

Should We Defund the Police?



1)Enforce laws passed by the legislature

2)Respond to community calls for service

Why Do We Have Police Departments and Officers?



1)Arrest criminal suspects

2)Protect and assist victims of crime

3)Ensure public safety & quality of life

Why Do We Need Police Departments and Officers?



1)Traffic Safety
2)Licensing Compliance (Driver & Vehicle)
3)Insurance and Liability
4)Revenue – Maintain Road Infrastructure

Why Do We Have Traffic Laws?
Driving is a Privilege Not a Right



1)Selective Enforcement – Racial Quotas - Illegal

2)Decriminalize/Legalize Conduct with High 
Racial Disparities

3)Reduce Criminal Behavior and Traffic Violations

How to Reduce Racial Disparities
in the Criminal Justice System



How to Increase
Racial Disparities in the
Criminal Justice System

Prioritize violent 
felonies and serious 
traffic offenses and 
reduce enforcement 
of minor offenses 
and infractions



• Driving While License Suspended 3° - Unpaid tickets

• DWLS made up 33% of jail bookings

• 46% DWLS arrests Black drivers but only 8% population

• High recidivism rates – Low relicensing rates

Seattle PD – Jail Overcrowding in 2000



• Owner/Loaner Impound – Reduced car availability
• Relicensing Clinics – Reduced recidivism
• Municipal Court – Time payment plans
• Car Recovery Clinic – Protect car owner’s rights
• Reduced jail bookings by 25%
• Reduced racial disparities in jail by 50%
• Legislation Repealed After One Year of Proven Success

• “Inhumane to take cars away from poor people”

Seattle City Council Legislation
Operation Impound – “Jail the Car Not the Driver”



• Pretext Stop - Yes/No (If Yes – Type of crime investigating)

• Threat Level - None, Verbal, Furtive, Assault, Weapon

• Level of Cooperation - Very Cooperative to Very Uncooperative

• Tone of Voice - Angry, Yelling, Calm, Profanity

• Accusation of Bias or Profiling - Race, Ethnicity, Nationality, Gender

• Failure to Stop/Flight from Officer - Vehicle, Foot, Bicycle

• Was driver’s race, gender or age visible before the stop?

• Was suspect description used to identify suspect for stop?

• Residence of person stopped.

Recommended New Data Elements for RIPA



Analyzing Racial Disparities 
in Policing Data



Traditional Methodology New Methodology



Population-Based 
Benchmarks

vs
Risk Adjusted Activity-Based

Benchmarks



Demographic Percentages



Data Sources Used for Richfield PD



Richfield PD Disparity Analysis

Population-Based Benchmarks Risk Adjusted Activity-Based Benchmarks



Richfield PD Disparity Analysis

Population-Based Benchmarks Risk Adjusted Activity-Based Benchmarks





National Incident Based Reporting System (NIBRS)
Minnesota Agencies

Violent Crimes Property Crimes



Richfield PD – Risk Ratios and Odds Ratios
Victims and Offenders



Richfield PD – Sex of Victims & Suspects



Richfield PD – Sex & Race of Victims & Suspects



Discretion vs 
Discrimination



Discretion vs Discrimination





Disparity Matrix by Discretion Level



Questions?
bob@policestrategies.com

(206) 915-8683

Bob Scales
Police Strategies LLC

mailto:bob@policestrategies.com
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